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Abstract: Country risk has become atopic of mgor concern for the international financial community over
the last two decades. Various risk rating agencies employ different methods to determine country risk ratings,
combining a range of qualitative and quantitative information regarding aternative measures of political,
economic and financial risk into associated composite risk ratings. This paper compares international country
risk ratings for 1998-99 compiled by the International Country Risk Guide, which is the only rating agency
providing monthly data for a large number of countries. The snapshot graphica images provide a
comparative assessment of the international country risk ratings, and highlight the importance of political,
economic and financia risk ratings as components of a composite risk rating.
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1. INTRODUCTION

Following the rapid growth in the international
debt of less developed countries in the 1970s and
the increasing incidence of debt rescheduling in
the early 1980s, country risk, which reflects the
ability and willingness of a country to service its
financial obligations, has become a topic of major
concern for the international financial community
[Cosset and Roy, 1990]. Political changes resulting
from the fal of communism, and the
implementation of market-oriented economic and
financial reforms, have resulted in an enormous
amount of external capita flowing into the
emerging markets of Eastern Europe, Latin
America, Asia, and Africa [Ramcharran, 1999].
These events have alerted international investors to
the fact that the globalisation of world trade and
open capital markets are risky elements that can
cause financial crises with rapid contagion effects,
which threaten the stability of the international
financial sector [Hayes, 1998].

Given these new developments, the need for a
detailed assessment of country risk and its impact
on international business operations is crucia. A
primary function of country risk assessment is to
anticipate the possibility of debt repudiation,
default or delays in payment by sovereign
borrowers [Burton and Inoue, 1985]. Country
risk assessment evaluates economic, financial, and
political factors, and their interactions in
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determining the risk associated with a particular
country. Perceptions of the determinants of
country risk are important because they affect both
the supply and cost of international capita flows
[Brewer and Rivoli, 1990].

Risk rating agencies provide an independent
analysis of country risk and a consistent method of
risk assessment. The leading risk rating agencies
are Standard & Poor’s, Moody’s, Euromoney,
Ingtitutional Investor, Economist Intelligence Unit,
and the International Country Risk Guide, al of
which employ different methods in determining
country risk ratings. These rating agencies
combine a range of qualitative and quantitative
information regarding dternative measures of
political, economic and financial risk into
associated composite risk ratings.

The plan of the paper is as follows. Section 2
provides a quantitative classification of empirical
country risk models. Various theoretica and
empirica model specifications used in the
literature are reviewed anaytically and empirically
in Section 3. A comparison of country risk ratings
for ten representative developing countries in
1998-99, compiled by the International Country
Risk Guide, is given in Section 4. Some
concluding remarks are presented in Section 5.



2. CLASSIFICATION OF COUNTRY RISK
MODELS

For purposes of evaluating the significance of
empirical models of country risk, it is necessary to
analyse such models according to established
statistical and econometric criteria. The primary
purpose of each of these empirical papers is to
evauate the practicality and relevance of the
economic, financia and political theories
pertaining to country risk.

This paper reviews 50 published empirical studies
on country risk [a subset of these papers is
discussed in Hoti, 20018). A classification of the
50 empirical studies is given according to the
model specifications examined, the choice of
dependent and explanatory variables considered,
the number of explanatory variables used, issues
concerning the recognition, type and number of
omitted explanatory variables, and the number and
type of proxy variables used when variables are
omitted.

Scrutiny of the ECONLIT software package and
the Socia Science Citation Index for the most
widely cited articles in the Country Risk literature
yields at least 50 published empirical papers over
the last three decades in refereed journals.
Although the first two papers were published in
1971 (in the Journa of International Economics)
and 1977 (in the Journa of Development
Economics), there were 16 papers published in the
1980s, a further 30 papers published in the 1990s,
with the 2 most recent papers having been
published in 2001. Thus, the literature is
essentially two decades old. There is no leading
journa in the literature on country risk, with the
Journal of Development Economics publishing 6
papers, the Journa of International Business
Studies publishing 4 papers, the Journal of
Banking and Finance, the Economics Letters, and
Applied Economics each publishing 3 papers,
Applied Economics Letters and Globa Finance
Journal each publishing 2 papers, and 27 other
journals each publishing one paper on the topic.
For further details, see Hoti [2001b].

3. THEORETICAL AND
MODEL SPECIFICATIONS

EMPIRICAL

The genera country risk model is typicaly given
as.

f (Y. XUy )= 0 1)

in which f(.) is an unspecified functional
form,Y is the designated (vector of) endogenous
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variables, Xis the (vector of) exogenous
variables, uis the (vector of) errors, 5 is the

vector of unknown parameters, and t=1,...,n
observations. As will be discussed below, equation
(1) is typicaly given as a linear or log-linear
regression model, or as a logit, probit or
discriminant model. The elements of Y and X
will aso be discussed below. Defining the
information set at the end of period t-1 as
Lo = [Yien, Yieo Yiogoeos X Xigs Xio2s X3, the
assumptions of the classicdl model are typicaly
given as follows:

(Al) E(w)=0 fordl t;

(A2) Constant variance of u; ;

(A3) Serid independence (namely, no covariation
between u, and ugfor t # s);

(A4) Xis weskly exogenous (that is, there is no
covariation between X, andug for all t and s);

(A5) u isnormally distributed;

(A6) Parameters are constant;

(A7) Y and X are both stationary processes, or are
cointegrated if both are non-stationary.

Thereis, in general, little or no theoretical basisin
the literature for selecting a particular model. In
empirica  analysis, however, computationa
convenience and the ease of interpretation of
models are primary considerations for purposes of
model selection. Of the 70 models in the 50
studies, which are reported in Table 1, al but six
are univariate models. The most popular model in
the literature is the logit model, which is used 23
times, followed by the probit, discriminant, and
Tobit models, which are used 10, 7, and 3 times,
respectively.

Table 1: Classification by Type of Model "

Model Frequency
Only linear single equations 4
Only log-linear single equations 2
Both linear and log-linear single equations 2
Logit 23
Probit 10
Discriminant model 7
Tobit 3
System of equations 6
Artificial neural network model 2
Others” 11
TOTAL 70

"More than one model was used in some studies and two
studies used no model.

"Includes one entry for each of multi-group hierarchical
discrimination model, two-way error components model,
random-effect error component equations, naive model,
combination model, G-Logit model, nested trinomial
logit, sequential-response logit, unordered-response
logit, classification and regression trees, and cluster
analysis.



The artificial neura network is used only twice.
Thus, more than half of the models used in the
literature are probability-based models. Given the
popularity of the linear and log-linear regression
models in empiricadl economic research, it is
surprising to see that the linear regression model is
used four times, the log-linear regression mode is
used only twice, and both regression models are
used in the same study only twice.

The dependent variable for purposes of anaysing
country risk is broadly classified as the ability to
repay debt. Of the different types of dependent
variables used, with more than one dependent
variable being used in some studies, the most
frequently used variable is debt rescheduling,
which is used 36 times. This dependent variable is
defined as the probability of general, commercial,
and official debt rescheduling or debt default (in
the current year or in the future), and discriminant
score of whether a country belongs to a
rescheduling or non-rescheduling group. The
second most frequently used variable is agency
country risk rating, which is used 18 times. This
dependent variable is defined as Ingtitutional
Investor, Euromoney, S&P’s, Moody’s, and
Economist  Intelligence  Unit  country or
municipality risk ratings, and the average of
agency country risk ratings. These agency ratings
are available only annually or semi-annually.

There are three types of explanatory variables used
in the various empirical studies, namely economic,
financial and political. Treating country risk
variables as economic and/or financial, and

Table 2: Classification by Number of Economic and
Financial Explanatory Variables”

Number Frequency

w w

Coo~NOOOR~WN

10
11
12
13
14
15
16
18
20
23
32

PRPPRPPRPORPPWOORNNOOWOWNND

TOTAL 50

"Country risk indicators are treated as economic and/or
financial variables.
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regional differences as political, Tables 2 and 3
present the numbers of each type of variable and
their frequency. In Table 3, the absence of any
political variable occurs 30 times in the 50 studies.
Hundreds of different economic, financial and
political explanatory variables have been used in
the 50 separate studies.

Table 3: Classification by Number of Political
Explanatory Variables’

Number Frequency
0 30
1 4
2 4
3 1
4 2
5 2
6 3
8 1
10 1
11 1
13 1

TOTAL 50

"Regional differences are treated as political variables.

The unavailability of the required data means that
proxy variables have frequently been used in place
of the unobserved variables. Tables 4 and 5 are
concerned with the important issue of omitted
explanatory variables in each of the 50 studies. It
is well known that, in general, omission of relevant
explanatory variables from a linear regression
model yields biased estimates of the coefficients of
the included variables, unless the omitted variables
are uncorrelated with each of the included
explanatory variables. In some studies, there is an
indication of the various types of variables that are
recognised as being important. Nevertheless, some
of these variables have been omitted because they
are simply unavailable. The classification in Table
4 is by recognition of omitted explanatory
variables, where the recognition is explicitly stated
in the study.

Table 4: Classification by Recognition of Omitted

Explanatory Variables’
Number Omitted Frequency
0 30
1 13
2 2
3 2
4 2
8 1
TOTAL 50

"The classification is based on explicit recognition of
omitted explanatory variables, and is used primarily as a
check of consistency against the number of proxy
variables used in the corresponding studies.

Such an explicit recognition of omitted
explanatory variables is used primarily as a check



of consistency against the number of proxy
variables used

The classification in Table 5 is given according to
the type of omitted explanatory variable, which is
interpreted as predominantly economic and
financial or political. More than two-thirds of the
omitted explanatory variables are predominantly
economic and financial in nature, and the
remaining one-third is predominantly political.

Table 5: Classification by Type of Omitted Explanatory
Variables'

Omitted Varigble Frequency
Economic and financial factors 28
Political factors 11
TOTAL 39

"The various omitted variables are classified according
to whether they are predominantly economic and
financial or political in nature.

As some important economic, financia and
political explanatory variables have been omitted
from two-fifths of the 50 studies (see Table 4),
proxy variables have been used in most of these
studies. Tables 6 and 7 are concerned with the
issues of the number and type of proxy variables
used.

Table 6: Classification by Number of Proxy Variables
Used'

Number Frequency

0 2

1 7

2 4

3 2

4 1

5 1

6 2

7 1
TOTAL 20

"Two studies explicitly recognized the omission of
explanatory variables but used no proxy variables.

By comparison with Table 4, in which 13 of the 20
studies explicitly recognised the omission of a
single explanatory variable, Table 6 shows that
only 7 studies used a single proxy variable.
Otherwise, the results in Tables 4 and 6 are
reasonably similar.

Table 7: Classification by Type of Proxy Variables
Used

Proxy Variables Frequency
Economic and financia factors 34
Political factors 15
TOTAL 49

"Some studies used economic, financial and political
proxy variables.
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The classification in Table 7 is given according to
the type of proxy variable used. More than two-
thirds of the proxy variables are predominantly
economic and financial in nature, and the
remaining one-third is predominantly political,
whichisvery similar to theresultsin Table 5.

4. COMPARISON OF ICRG COUNTRY RISK
RATINGS

Since January 1984, the International Country Risk
Guide (ICRG) has been compiling economic,
financial, political and composite risk ratings for
90 countries on a monthly basis. As of March
2002, the four risk ratings were available for 140
countries.

The ICRG rating system comprises 22 variables
representing three major components of risk,
namely economic, financial and political. There
are 5 variables representing each of the economic
and financial components of risk, while the
political component is based on 12 variables.
Using each set of variables, a separaterisk rating is
created for the three components. The 5 variables
for the economic risk rating are weighted equally
to give a score of 50 points, the 5 variables for the
financial risk rating are weighted equally to give a
score of 50 points, and the 12 variables for the
political risk rating are weighted equaly to give a
score of 100 points. As the composite risk rating is
obtained by dividing the sum of the three
component risk ratings by 2, the economic and
financial components account for 25% each and
the political component accounts for 50%. The
lower is a given risk rating, the higher is the
associated risk.

Ten representative developing countries, namely
Albania, Argentina, Chile, Indonesia, Iraq,
Malaysia, Mexico, Saudi Arabia, South Africa,
and Zimbabwe, are selected to provide snapshot
images for the 12 months of 1998-99.

Table 8: Descriptive Statistics for Risk Ratings

Economic Financial Political Composite

Country Mean SD Mean SD Mean SD Mean SD
Albania 26.72 302 3263 350 5467 257 5700 268
Argentina 3947 117 3383 086 7558 090 7445 1.04
Chile 3917 210 3750 043 7408 348 7537 264
Indonesia  19.47 129 2850 646 43.00 148 4549 337
Irag 2384 089 2213 530 3583 376 4090 243
Malaysia 3279 209 3775 302 6783 272 69.18 150
Mexico 3403 126 3179 134 6825 045 67.03 058
Saudi

Arabia 3387 323 4321 033 6475 097 7091 191
South

Africa 3278 098 3475 094 6775 214 6814 124
Zimbabwe 2584 154 2267 096 5775 230 4313 232




Each of these countries generaly has a low risk
rating for each of the four categories, which is
consistent with a high associated risk. Table 8
provides the means and standard deviations (SD)
for the economic, financial, politica and
composite risk ratings for each of these ten
countries.

In this generaly high risk group of countries,
Argentina and Chile have the highest economic,
political and composite risk ratings, while Saudi
Arabia and Maaysia have the highest financia
risk ratings. The four countries with the lowest risk
ratings, and hence the highest associated risk, in
the four categories are Irag, Zimbabwe, Indonesia,
and Albania

The snapshot images of the four risk ratings for the
ten representative developing countries are given
in Figures 1-4. Argentina and Chile, which have
the highest economic, political and composite risk
ratings, have markedly different patternsin al four
categories. In particular, the composite risk rating
for Chile has shown a steady decline in Figure 4,
whereas for Argentina it remained flat, rose and
then fell during the period 1998-99.

The four countries with the lowest risk ratings in
the four categories, namely Irag, Zimbabwe,
Indonesia, and Albania, also have substantialy
different variations over the period for three of the
four risk ratings. Iraq and Albania, and to a lesser
extent Indonesia, have similar monthly variations
for the financia risk ratings, but not for the other
three risk ratings. The composite risk rating for
Zimbabwe initially fell and then flattened out,
while similar risk ratings for Albania and
Indonesia grew during 1998-99, before falling
slightly. Iragq’s composite risk rating was generally
flat, apart from a significant increase followed by
an equally significant decrease in the middle of the
period.

Overall, there are substantial variations in each of
the economic, financial, political and composite
risk ratings for each of the ten representative high
risk developing countries.

5. CONCLUDING REMARKS

This paper evaluated the significance of 50
published empirical papers in the country risk
literature according to established statistical and
econometric criteria.  Country risk  ratings,
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compiled by the International Country Risk Guide,
for ten representative developing countries in
1998-99 were compared. Such an evaluation
permits a critical assessment of the relevance and
practicality of the economic, financial and political
theories pertaining to country risk.
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Figure 1: Economic Risk Ratings for Ten Representative

Developing Countries
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Figure 2: Financial Risk Ratings for Ten Representative

Developing Countries
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Figure 3: Politica Risk Ratings for Ten Representative

Developing Countri

€s

o8 772
Sbiv 768
54 76.4-|
52 76.0 |
50+ 75.6 -
1998:10 1999:01 1999:04 1998:07 1998:10 1999:01 1999:04
“
.
w
724 a1
L 65- —\;
oos 64—
e — $3sh.07 109810 1999:01  1999:04°
1ob6:07 1998:10 1999:01 1099:04
v
72— 62|
- 61 -]
ovsi07 1998:10 1999:01 199807 199810 1905:01 199504

SOUTH AFRICA

IMBABW E

Figure 4: Composite Country Risk Ratings for
Representative Developing Countries
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